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RESULTS AND DISCUSSION

4.1 INTRODUCTION

This study is based on primary data recover directly from the company´s 
management system. In this chapter, the researcher addresses the results 
for business questions and analyse the results in comparison with not 
only the past years of sales in the company but also the results of similar 
research.

4.2 RESULTS

The first step towards the results is the data preparation process. This is 
the process of cleaning and transforming raw data before processing and 
analysing it. It is an essential step prior to processing and often requires 
reformatting data, making changes, and combining data sets to enrich the 
data. Figure 1 is a flowchart of the process required for data analysis. 

Figure 1. Flowchart of data analysis process.
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The figure shows the different steps required for the data analysis 
process that will lead one to the results. The first step is data gathering, 
which refers to the process of data collection. Once one has obtained 
the data, they proceed to the discover and assess process, which refers 
to getting to know and understand the data collected. Then next step is 
data cleaning and validation; here the data set is corrected or restructured 
by eliminating incorrect, corrupt, incorrectly formatted, duplicate, or 
incomplete data. Next is the transformation and enrichment of the data, 
which refers to the process of updating format or value entries to make 
the data more easily understood by a wider audience; it also includes the 
action of adding or connecting data to provide deeper insights. Finally, 
there is the data analysis process, which can be different according to the 
goals and objectives. For this research, the data analysis process is focused 
on the four objectives: finding the products with the highest sales, testing 
the significance of the top 10 products, understanding the demand 
fluctuations, and forecasting the sales.

4.2.1 Gather Data

The data preparation process begins with finding the right data. Here 
one can see a snapshot of the data the researcher has gather from the 
company´s information system (Figure 2).

4.2.2 Discover and Assess Data

After collecting the data, it is important to discover each data set. This 
step is about getting to know the data and understanding what must be 
done before the data become useful in a particular context. The data set 
contains 18 variables by 19,168 entries, and each variable is explained in 
Table 2.

Figure 2. Data sample.
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Table 2. Variable description.

Variable Description Number of categories
Región Cliente Clients’ region 6
NombreZonaVenta 
Cliente

Sales Region 4

IdCliente Client´s unique number 113
NombreCliente Client´s name 112
IdProducto Product´s unique number 

(SKU)
196

DescProducto Product´s description 191
Total Unidades Total of pieces sold n/a*
UM Unit of Measure 4
Familia Product´s family 21
Ingr. Activo Active Ingredient 1
FechaFactura Invoice Date 4 years
LineaLlave Key Line of invoice n/a*
TransTipoDoc Document type 10
TransDoc Document number n/a*
PrecioUnitario Unite price n/a*
Venta Total sale n/a*
NUMFAC Invoice Number n/a*
TIPODOCFAC Invoice type 2

n/a: not applies. * Unique information per entry, not specific number of categories available.

A descriptive analysis and a normality test can be helpful in this part 
of the data preparation. Both analyses have been done using SPSS, and 
the results for the descriptive analysis are shown in Table 3 and for the 
normality test in Table 4. 

Table 3 shows the results of the descriptive analysis done using 
SPSS. The descriptive statistics can be classified into three main types: 
frequency measures, central tendency measures, and dispersion 
measures. Categorical data are usually measured by frequency, while 
quantitative data are measured by other measures. This analysis shows 
the valid frequency and the lost frequency of different variables as well as 
the mean (average) and the standard deviation of the numerical variables. 
This means that the average amount of pieces sold per entry was 16,201, 
the average unites price was 239.87 MXN, and the average sale was 59,920 
MXN. In statistics, the standard deviation indicates how far apart values 
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are from the mean. Figure 3 shows the distribution of the total pieces sold 
by frequency.

Table 4 shows the results from the normality test done using SPSS. 
SPSS works with two well-known tests of normality, namely, the 
Kolmogorov–Smirnov test and the Shapiro–Wilk test. The Shapiro–Wilk  

Table 3. Descriptive analysis statistics.

Statistics

  Product´s 
unique 
number 
(SKU)

Total of 
pieces 
sold

Product´s 
family

Invoice 
Date

Unite 
price

Total sale

N Valid 19,168 19,168 19,168 19,168 19,168 19,168 

Lost 0 0 0 0 0 0

Mean   16,201   $239.87 $59,920.11

Standard 
deviation

  33,243     $7,289.39 $123,436.194

Table 4. Normality test.

Kolmogorov–Smirnova

Statistic df. Sig.
Total of pieces sold 0.251 19,168 0.000

a Lilliefors significance correction.

Figure 3. Total pieces sold distribution.
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test is more appropriate for sample sizes under 50; therefore, the 
Kolmogorov–Smirnov test was selected for this research. Normally 
distributed populations (within certain tolerances) can be determined 
by a normality test. There are a number of statistical tests that require a 
normally distributed sample population, such as the Student’s t-test and 
the one-way and two-way ANOVA. It is not possible to trust the results 
of the tests if the assumption of normality is not valid. As one can see, 
the P-value (Sig.) in the normality test is less than 0.05, indicating that 
the data are not normally distributed. One can also see this in the boxplot 
where all the outlines are shown (Figure 4). It is important to mentioned 
that the researcher will not be normalizing the data in this specific case 
because the outside data are also helpful for the analysis and because the 
statistical test that will be performed (one-sample median tests) does not 
required normalize data.

4.2.3 Clean and Validate Data

Cleaning up the data can be the most time-consuming part of the data 
preparation process, but it is definitely crucial to removing faulty data and 
filling gaps.

The first step for data clean-up is filtering by family. Of the 21 families 
found on the data set, only 8 are products (handle, bottle, lid, zeppelin 
bottle, polyethylene bottle, twister bottle, label, and vial) and the researcher 
will only focus in 7 (bottle, lid, zeppelin bottle, polyethylene bottle, twister 
bottle, label, and vial). It is important to mention that the researcher is 
not working with the handle family because this will cease to exist from 

Figure 4. Normality boxplot.
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the year 2022. With this, the researcher ends up with a data set of 18,268 
entries (Figure 5).

Finally, when the researcher found that the data set has more product 
IDs than product description, they need to make sure that they are 
working with the correct information. However, since the researcher 
knew that some product IDs (SKU) have change in the past years, they 
will change the old SKU with the new one so that the analysis considers 
this part numbers (Table 5).

Once the researcher has made these changes in data set, they then 
clean the entries with “0” on the Unite Price variable (Figure 6).

Figure 5. Data filter by family.

Table 5. Duplicate products.

IdProducto DescProducto Family Comment
BLGS060 BOT LIGHT STAR 1LT ALUMINIO Bottle Old
BLGS061 BOT LIGHT STAR 1LT ALUMINIO Bottle New
2091087 CONCHA 221 ML Bottle Old
2091064 CONCHA 221 ML Bottle New
T45180 TAPA 45 AZUL C/LINNER IND Lid New
T45230 TAPA 45 AZUL C/LINNER IND Lid Old
T45180AC TAPA 45 AZUL C/LINNER IND Lid Old
T45100 TAPA 45 VERDE C/LINNER IND Lid Correct
T45110 TAPA 45 VERDE C/LINNER IND Lid Correct

Figure 6. Unite price “0”.
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Finally, the researcher clears out variables that do not add value to 
analysis. In this case, the researcher only has one, “Ingr.Activo.” This 
variable is the same for all the entries and does not add value to the analysis.

4.2.4 Transform and Enrich Data

This is the process of updating format or value entries to make the 
data more easily understood by a wider audience. It also refers to the 
action of adding or connecting data to provide deeper insights.

The researcher makes sure that everything has the same format, 
especially the variables that they are working on, such as date, number 
of pieces, unit price, and total sale. Furthermore, another variable will 
be added, which the researcher named “Top 10,” with “1” indicating 
that product is part of the top 10 sold products and “0” that it is not 
(Figure 7).

4.2.5 Data Analysis

The cleaning process of the data has left the researcher with 18,268 entries 
and 17 variables. This is because as explained during the data preparation 

Figure 7. Data with format and top 10 variable.

Table 6. Products per family.

Family Products
Bottle 108
Label 11
Lid 32
Polyethylene bottle 9
Twister bottle 5
Vial 2
Zeppelin bottle 1
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process, the researcher is only going to work with 7 out of 21 families. 
Form the total of 196 product IDs, only 168 are products under the  
7 families that the researcher will be working with; the distribution of the 
products by family is shown in Table 6.

4.2.6 Products with the Highest Sales in the Past 3.5 Years

Out of the 7 selected families, the “Bottle” family is the one with the 
highest sales in the past 3.5 years, representing 50% of the sales (Figure 8). 

Table 7. Top 10 products.

Product ID Product description Family
T45020 Lid 45 White Linner Ind Ing Lid
EMS042 Bot Misil 56 Grs Blanco Bottle
BZE060 Bot Zeneca 7 Cost 1L Blanco Bottle
BTWS150 Bot Twistar 250 Ml Blanca Bottle
BZE040 Bot Zeneca 7 Cost 1L Clear Bottle
ETGE01000 Generic Label Litter Label
T45180 Tapa 45 Azul C/Linner Ind Lid
EMS041 Bot Empecomisil 1Lt Blanco Bottle
EMS043 Bot Misil 56 G Cristal Bottle
BTWS040 Bot Twistar 1Lt Blanco Bottle

Figure 8. Total sales per family per year.
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Let us remember that the data for 2022 only come from January to July, 
which means this is not the total sales of the year.

Regarding the list of products that the company has under the 7 
selected families, there are a total of 20 products that have been in the top 
10 sales. However, the researcher focuses on the summary of the past 3.5 
years. These top 10 products are shown in Table 7. The total sales for these 
10 products are shown in Figure 8 and the detail per year in Figure 9. This 
information can also be found in Figure 7, where the researcher added 
an additional variable to indicate if the part number is part of the top 10 
products.

Figure 9 shows the products with the top 10 sales during the past 3.5 
years. There are products from 3 families, and one can see that there is a 
product whose sales have been considerably higher than those of the rest 
of the products. This product is T45020 from the lid family. Knowing how 

Figure 9. Top sales from the top 10 products.

Figure 10. Top 10 sales per year.
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this product is sold makes sense for it to be the number one in sales. One 
lid fit more than one bottle, which means that this specific lid is sold for 
more than one bottle. 

Figure 10 shows the sales for the top 10 products. But in this 
case, one can see the detail per year for each of this part numbers. As 
mentioned before, the lid T45020 has the highest sales every year and 
also a continued growth year after year. In general, there are three part 
numbers with growth during the past 3 years (2019–2022): the lid 
T45020, the bottle BZE060, and the bottle BZE040. There are two part 
numbers with significant drops in sales in the same period: the label 
ETGE01000 and bottle BTWS040. The rest of the product had had some 
fluctuations.

4.2.7 Testing Significance of Top 10 Products

It is important for the researcher, and especially for the company, to 
understand if the sales of these top 10 products have an impact on the 
total sales of the company. As a result, the researcher performed a 
statistical analysis to test the significance of the top 10 products for the 
total sales. 

For the statistical test, the researcher performed a one-sample median 
test, in order to compare the median of samples with hypothesized 
median values. For this test, compared with the one-sample t-test, the 
researcher does not assume that it is interval and normally distributed, 
instead an ordinal variable.

The researched has chosen this test because as can be seen in the data 
preparation process, the data are not normally distributed and that the 
outliners have not been removed to normalize them. In addition, one of 
the variables is ordinal.

The researcher has chosen SPSS as an analysis tool. The steps followed 
to perform the analysis are as follows: open the final data set in SPSS 
(Figure 11) and ensure that the variables are correctly defined (Figure 12).

Figure 11. Final data in SPSS.
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Figure 12. SPSS variables view.

Figure 13. Performing test, part 1.

Now that the data are entered in SPSS and the variables are defined, the 
following steps are followed to do the test (also see Figures 13 and 14):

 1.  Click the analyse tab.
 2.  Click nonparametric tests.
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 3.  Click Legacy Dialogs.
 4.  Click K independent samples.
 5.   Drag the “Total of pieces sold” variable into the box labelled Test 

Variable List. 
 6.  Drag “Top 10” into the box labelled Grouping Variable.
 7.  Click Define Range.
 8.  Set the minimum value to “0” and the maximum value to “1.”
 9.  Click OK.
10. Ensure the box is checked next to Kruskal–Wallis H.
11. Finally, click OK.

Now is time to discuss the results of the test. SPSS shows two tables as 
part of this analysis: Ranks and Test Statistics (Figure 15).

The second table (Test Statistics) displays the results of the test:

• Kruskal–Wallis H: This is the chi-square (X2) test statistic that 
measures the difference between observed and expected frequency 
of outcomes of a set of events or variables and is useful for 
analysing such differences in categorical variables.

• df: This is the degrees of freedom. A data sample is defined as 
having a maximum number of logically independent values, 
meaning they are values that can vary freely and is calculated as 
#groups–1 = 2–1 = 1. 

• Asymp. Sig: This is the P-value associated with a X2 test statistic of 
645.659 with 1 degrees of freedom.

Figure 14. Performing test, part 2.
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Figure 15. Test results.

Figure 16. Total pieces sold according to the top 10 category per year.

Finally, the researcher set a hypothesis and the test performed before 
answers if the hypothesis is true or not. The set hypothesis are as follows:

Null hypothesis: The top 10 products are not significant for the total 
sales per year.

Alternative hypothesis: The top 10 products are significant for the total 
sales per year.

Since the P-value (0.000) is less than 0.05, the researcher rejects the 
null hypothesis and therefore the researcher goes with the alternative 
hypothesis.
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This means that the company should be aware of this part number 
because they are significant for the total pieces sold. Figure 16 shows 
the representation of the total pieces sold for the top 10 products (YES 
category) vs the products that are not in the top 10 (NO category). As 
shown in figure, every year from 2019 to 2021, the top 10 products have 
been more that the rest of the products, which means that the top 10 
products represent more than 50% of the total pieces sold per year. Even 
though 2022 does not show the same information, it is likely that the 
changes can be seen in the next 5 months.

4.2.8 Demand Fluctuation Analysis

It is important that one understands the behaviour and fluctuations of the 
top 10 products during the past 3.5 years. 

As mentioned before, there are three part numbers with an increase 
from year to year: T45020 (Lid), BZE060 (Bottle), and BZE040 (Bottle), 
and two part numbers that decrease: ETGE01000 (Label) and BTWS040 
(Bottle).

Figure 17 shows the comparison of the sales of each year by trimester. 
It seems that Bottles sales have been steady, Label suffered a fall in 2021 
which is recovering in 2022, and Lids is the family with the highest 
fluctuations; therefore, the researcher is going to do a deeper analysis of 
sales by family to have a better understanding of this.

In Figure 18, one can see the sales for Bottles per quarter and year and 
that, on average, there is a drop in sales quarter after quarter. The first and 

Figure 17. Top 10 total sales per trimester.
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Figure 19. Lid sales per quarter.

Figure 18. Bottles sales per quarter.

third quarters have been steady for the past years, while the second and 
fourth quarters have suffered a year-over-year drop.

Figure 19 shows the summary of the sales for the lids and bottles, with 
a drop for lids quarter after quarter and having the second quarter of each 
year the best in sales. Now, in the case of the fluctuations of each year by 
quarter, one can see that there was an increase for the first quarter from 
2019 to 2020 and stays steady for the next years. The second quarter is 
the one with the highest fluctuations, being mostly steady from 2019 to 
2020, and then having an important increase in 2021 and an even bigger 
decrease for 2022. Quarter 3 had a little increase in 2020 and then a little 
for in 2021; these changes are not as significant and those in quarter 2. 
Finally, quarter 4 has had a steady drop from 2019 to 2021.
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Figure 20 shows the sales for the Label. This item is the one with the 
highest drop having negative numbers for the first two quarters of 2021 
and having almost no sales for the rest of 2021 and the first two quarters 
of 2022. The negative sales are due to credit notes and will need to be 
review separately. Label also has a continue decrease from the first 
quarter to the last quarter of the year.

With this information, one can understand that the company has 
the best sales during the second quarter of the year and the lowest sales 
during the last quarter.

4.2.9 Forecasting

Once the researcher has identified the top 10 products and found the 
significance of these products for the total sales and analysed the sales 
fluctuations, they will forecast the sales of these products for 2023. 

Because the researcher only has part of the sales for 2022, they will 
create a forecast for both years (2022 and 2023). Furthermore, they will 
also graph the actual sales for the first 7 months of 2022 to confirm if the 
forecast is accurate.

As mentioned in a previous chapter, the researcher will work with 
excels forecasting tool, called “Forecast sheet.” For the researcher to be able 
to use this tool properly, it is important that the researcher creates a new 
sheet per SKU and with the resume per month and year (see Figure 21); as 
one can see, the researcher has 10 sheets (one per SKU) and each sheet has 
2 columns, date and sales.

Figure 20. Label sales per quarter.
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Once the researcher has sales data divided per SKU, they can proceed 
with the forecast, with the following the steps (Figures 22 and 23):

1. Select the data.
2. Go to “Data” tab.
3. Click “Forecast Sheet”.
4. In the Forecast End box, pick an end date; in this case, it will be 

December 31, 2023.
5. Click Options.
6. In the Forecast Start box, pick a start date; in this case, this will be 

January 1, 2022.
7. In the Seasonality section, one clicks on Set Manually and select 

“12” (this represents the 12 months of the year).
8. Click on Create.

Figure 21. Sales data per SKU worksheets.

Figure 22. Forecast sheet, steps 1–3.
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With this, excel will create a new worksheet that contains a table and 
a chart with the information of the historical values and predicted values 
(Figure 24). The table contains five columns: the first two correspond to 
the historical data that one provided and the last three correspond to the 
predicted values where “Forecast” shows the estimated prediction and 
“Lower Confidence Bound” and “Upper Confidence Bound” show the 
interval range where future are expected to fall. The researcher will repeat 
this process for the 10 products the researcher is analysing.

Figure 25 shows the forecast for the part number T45020 from the Lid 
family. The blue line represents the actual pieces sold, the thick orange 
line represents the predicted forecast, and the confidence bounds where 
95% of the sales are expected to fall. Here one can see that almost all the 
sales for the first semester of 2022 fall inside the confidence bounds, apart 

Figure 23. Forecast sheet, steps 4–8.
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Figure 24. Forecast results (table and chart).

Figure 25. T45020 forecast for 2022 and 2023.

from April, which falls 9,774 pieces under the confidence bound, and  
3 months are very close to the forecast (February, March, and May). One 
can also see that the highest pick for 2023 is 3.1 million pieces at the end 
of the second quarter (June 2023), while the lowest sale is predicted to be 
during the last quarter, specifically in December 2023. This is persistent 
with the sales fluctuation analysis the researcher performed previously 
(see Figure 19).

Figure 26 shows the forecast for the bottle EMS042, which has had a 
fall since 2019. Here all the sales for the first semester of 2022 fall into 
the confidence bounds and there are 3 months that are very close to the 
forecast (February, March, and June). For the 2023 forecast, the highest 
sale will be in September 2023 (third quarter) with 783 thousand pieces 
and the lowest sale would during December 2023.
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In Figure 27, one can observe the forecast for the bottle BZE060, which 
has been increasing each year since 2019. For this part number, one can 
see that there is 1 month sale for 2022 way under the forecast and that the 
sales of the first semester of 2022 have not been as expected. For 2023, the 
highest sale is expected to be during May 2023 around 1.3 million pieces 
(second quarter) and the lowest in September.

Figure 26. EMS042 forecast for 2022 and 2023.

Figure 27. BZE060 forecast for 2022 and 2023.

Figure 28. BTWS150 forecast for 2022 and 2023.
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Figure 28 shows the forecast for the part number BTWS150 from the 
bottle family. In this case, there is one point falling out of the confidence 
bounds – April 2022 – where the actual sales were 517 thousand and the 
upper confidence bound is 515 thousand and there is 1 month pretty close 
to the forecast – March 2022 – where the actual sales were 222 thousand 
and the researched had predicted sales of 221.2 thousand. For 2023, the 
highest expected sale will be at the beginning of the third quarter (July 
2023) with 346.9 thousand pieces, and for the lowest sale, this is expected 
to be on the last quarter of the year, during November 2023.

Figure 29 shows the sales forecast for the bottle BZE040. In this case, 
there is once again 1 month actual sales falling out of the confidence 
bounds – May 2022 – where the lower confidence bound was 167 
thousand and the sales were of only 5,214 pieces. For 2023, the company 
expects to have the highest sale during the second quarter, in May 2023 
with 489 thousand pieces and the lowest sale on August 2023.

Figure 30 shows the forecast for the label ETGE01000; Due to a big 
level of rejection and customers return, the forecast predicted is basically 

Figure 30. ETGE01000 forecast for 2022 and 2023.

Figure 29. BZE040 forecast for 2022 and 2023.
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negative, having only one positive month for 2023, being this July. 
Now, the forecast for 2022 showed something similar; however, 4 out of  
7 months have had positive sales on 2022 and the other 3 months are not 
in negative sales. This means that it would be necessary to update this 
forecast continuously until the rejection rate is back to normal. 

Figure 31 shows the forecast for the part number T45180 from the Lid 
family. For the information of 2022, there are 2 months which forecast 
was not far to what the researcher had predicted: March 2022 has a 
negative difference of 29 thousand pieces and July 2022 has a negative 
difference of 46 thousand pieces. For 2023, the company is expecting the 
highest sale pick on the second quarter, specifically in June 2023 with 222 
thousand pieces and the lowest sale at the begging of the last quarter with 
a negative sale of 11 thousand pieces. Here it is important to remember 
that negative sales are possible due to credit notes; These documents 
represent returns our quality claims.

Figure 32 shows the forecast for the bottle EMS041. For this part 
number, there is 1 month of 2022 out of the confidence bound – April 

Figure 31. T45180 forecast for 2022 and 2023.

Figure 32. EMS041 forecast for 2022 and 2023.
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2022 which fell 7 thousand pieces under the lower confidence bound. 
February 2022 has the closest pieces sold in comparison with the forecast, 
with a difference of only 6 thousand pieces. For 2023, the company 
expects the highest sale to occur during the first month of the second 
quarter (April 2023) with 228.6 thousand pieces, while the lowest quarter 
is expected to be the last quarter of the year with negative sales every 
month.

Figure 33 represents the sales and forecast for the bottle with part 
number EMS043. For 2022, there are 6 out of 7 months with very close 
accuracy level between actual sales and the forecast, with February being 
the closest one with a difference of only 15 thousand pieces. This means 
that there are no points falling out of the confidence bounds. For the 2023 
forecast, the company expects July 2023 to be the month with the highest 
sales, being these 132 thousand pieces, and December the lowest with a 
negative sale.

Figure 34 is another case of high rejection rates having a negative 
impact in the company´s forecast. In this case, it is the bottle BTWS040, 

Figure 33. EMS043 forecast for 2022 and 2023.

Figure 34. BTWS040 forecast for 2022 and 2023.
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which has a similar issue as the label ETGE01000. This part number is 
not showing any positive months for 2023, but again the sales during the 
first semester of 2022 have been better than expected, having 6 out of  
7 months in positive sales and 1 month in ceros (not negative sales). This 
part number will also need to be updated as the rejection rate is back to 
normal.

4.3 SUMMARY

The overall aim of this study was to identify the top 10 sold products 
during the past 3.5 years and forecast the sales for the year 2023. The 
research was based on primary data from the company and a quantitative 
analysis was overdone. This research started with a data set of 18 variables 
by 19,168 entries. After cleaning and validating the data, the researcher 
ends up with a data set of 17 variables and 18,268 entries. From that 
data set, the researcher selected and filter by some variables so that the 
research ended up working with 168 part numbers out of the 196 that are 
contained in the data.

These 168 part numbers correspond to 7 family products, of which 
only the top 10 sold products are found. As the researcher mentioned 
during the analysis, 20 part numbers were found in the top 10 sales 
positions over the past 3.5 years but the top 10 products with the higher 
sales were selected during all this time. These products are divided as 
follows:

• 7 products from the bottle family
• 2 products from the lid family
• 1 product from the label family

From the top 10 products, 3 products have shown constant grow 
during the study period, 2 part numbers with important drops, and 5 
products with minor fluctuations during the same period.

During the significance test, the researcher rejected the null 
hypothesis, which stated that there was no statistical significance between 
the products categorize as top 10 and those that were not part of this 
group, which translates into the top 10 products having an impact and a 
relationship with those not listed as top 10.

Then the researcher worked on the sales fluctuation analysis and found 
that the bottles sales have been steady during the past years, labels suffer 
an important fall, and lids are the family with highest fluctuations. In 
addition, the company has the best sales during the second quarter of the 
year and the lowest sales during the last quarter.
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Finally for the forecast analysis, Figure 35 shows the summary of 
the sales and the forecast by quarter. The second quarter of 2023 shows 
the best sales of the year, corresponding to the part number T45020. 
The lowest sale is shown for the fourth quarter of 2023 for part number 
ETGE01000. As mentioned before, “negative sales” are possible due to 
returns and rejections from the customers and two part numbers (the 
same with the important drops) will need to be updated because the 
forecast is showing mostly “negative sales” do to past rejection rates.

Figure 35. Top 10 products sales and forecast summary.




